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 Heart failure disease is a complex clinical issue which has more impact on life 
of human begins. Hospitals and cardiac centers frequently employ 

electrocardiogram (ECG) tool to assess and to identify heart failure at early 

stages. Healthcare professionals are very concerned about the early 

identification of heart disease. In this research paper we have focused on 
predictive analysis of cardiac disease by using machine learning algorithms. 

We have developed python-based software for healthcare research in this 

paper. This research has more significant work for tracking and establishing 

numerous health monitoring apps. We have demonstrated information 
handling that requires adjusting clear-cut portions and working with absolute 

factors. A quick overview of the various machine learning technologies based 

on heart disease diagnosis is described clearly in this research. A more reliable 

way for diagnosing cardiac problems is the random forest (RF) classification 
algorithm. This application needs data analysis, which is crucial owing to its 

about 95% accuracy rate across training data. We have discussed the tests and 

findings of the RF classifier method, which improves the accuracy of heart 

disease research diagnosis. 
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1. INTRODUCTION  

Heart diseases are frequently used as a substitute for cardiovascular diseases. The majority of these 

conditions are brought on by constricted or blocked plasma arteries, which can induce a heart attack, a stroke, 

or chest pain known as angina. Heart conditions can take many different forms, including those that affect the 

muscle, valve, or rhythm of the heart. On the other hand, machine learning is essential for determining who 

has cardiac disease [1]. In any scenario, if critical information for treating and diagnosing patients was foreseen 

in advance, clinicians would have a lot simpler time collecting it. Heart illness is frequently misdiagnosed as 

coronary artery disease [2], [3]. 

The main contribution of the paper is as follows: 

 This research has more significant work for tracking and establishing numerous health monitoring apps.  

 A quick overview of the various machine learning technologies based on heart disease diagnosis is 

described clearly in this research [4]–[6]. First, a weighted variant of logistic regression is employed to 

predict cardiac disease. The second one is automated and examines the location and diagnosis of ischemic 

heart disease, according to information theory, frequency domain, and temporal domain properties.  

https://creativecommons.org/licenses/by-sa/4.0/
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 We have also implemented the major stages of usage progress: analyzing dataset properties, performing 

logistic regression, and gathering databases. 

The following is how the paper is set up: The theoretical and mathematical foundations of feature 

selection and classification methods in machine learning are briefly discussed in section 2's background material 

on the heart disease dataset. Proposed work is presented in section 3. Remaining sections are the Training datasets, 

cross-validation approach and measures for performance evaluation under results and discussion section. 

 

 

2. RELATED WORK 

The American College of Cardiology/American Heart Association (ACC/AHA) models for 

cardiovascular disease (CVD) finding and forecast perform better when artificial intelligence is applied in 

disease detection systems, particularly cardiac disease detection systems [7]–[9]. Examination of the 

possibilities of offering advanced services through a humanoid healthiness administration system, and they 

also suggested an investigation path for medical technology on the internet of things (IoT) [10]–[12]. They 

have investigated a variety of health-related technologies and sensors. They have discovered a few issues that 

must be addressed [13]. Prior researchers created the home-based checking system and conclusion support 

system [14], [15]. The wireless health monitoring system (WHMS) has attracted a lot of interest from both the 

academic and corporate communities during the last 10 years [16]–[18]. A few AI computations and classifier 

demonstrations, such as weighted cooperative classifier, were accounted for in the discovery of cardiac 

anomalies [19]–[21]. 

A present mobile healthcare system which was exhibited elderly individuals and also monitored from 

inside or outside [22]–[24]. The main components of the system were a smartphone and a signal sensor. The 

data from the bio-signals sensor was delivered to a brainy server for data collecting over the GPRS/UMTS 

network [25]. The device may monitor the old patient's flexibility, energetic signs, location, and illness from a 

remote place. A fully operational wireless body area network (WBAN) system was planned [26], [27]. Medical 

bands were utilized to collect physiological data from devices in the developed system. The author chooses 

several medical bands to prevent interference between the sensors and other existing equipment [28]. A medical 

gateway wireless board was utilized to widen the functioning area using the multi-hopping approach. 

In recent years, data mining and machine learning have made tremendous advances in the healthcare 

business [29]. These treatments have been widely accepted and have demonstrated feasibility in a variety of 

medical care applications, particularly in the field of clinical cardiology. Researchers currently have an unrivalled 

opportunity to create and test novel algorithms in this field because of the enormous body of medical data [30]. 

 

 

3. PROPOSED WORK 

The proposed system starts with data collection and feature selection. The main part is data 

preprocessing and exploratory data analysis (EDA) [31]. Utilise this to analyse the data and then convert it to 

the appropriate format. The machine learning algorithm may be trained using training data, and then it can be 

tested using test data. Finally find the accuracy using test data. Our proposed system is implemented based on 

following modules: 

a) Dataset collection. 

b) Feature selections. 

c) Data pre-processing method. 

d) Handling imbalanced data. 

e) Disease prediction. 

 

3.1.  Proposed algorithms 

3.1.1. Logistic regression 

Logistic regression as shown in (1) is most extensively used supervised machine learning algorithms. 

It is used to predict the category reliant on features using a specific collection of independent factors. Strategic 

relapse forecasts the result of an all-out subordinate feature. As an outcome, the output necessity is moreover 

separate or definite set of data categorically. It can be true or false, and zero or one. Precise number is in 

between zero and one [32], it offers probabilistic values among zero and one: 

 

𝐿𝑜𝑔 𝑙𝑜𝑠𝑠 =  ∑ (𝑥, 𝑦) € 𝐷  −  𝑦 𝑙𝑜𝑔(𝑦1) – (1 − 𝑦 ) 𝑙𝑜𝑔(1 − 𝑦1) (1) 

 

(x,y) € D is a large data collection that includes numerous labelled pairs of instances. 

y is the actual label it must be 0 or 1. 

y1 is predicted value for input data. 
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In the Figure 1 shows that machine learning algorithms, logistic regression delivers excellent training efficiency 

in specific cases while staying easy to apply. Because of the same principles, this technique may be used to 

train a model without requiring a lot of processing resources [33]. 

 

 

 
 

Figure 1. Logistic regression 

 

 

3.1.2. Support vector machine  

In machine learning, support vector machine is one of the mostly used supervised machine learning 

technique. It is useful for solving regression and classification issues with the help of (2). However, in machine 

learning, it is mostly used to crack all types of classification problems [34]. The support vector machine 

method's objective is to identify the best line or decision boundary for classifying n-dimensional space so that 

subsequent data points can be quickly assigned to the appropriate group. This optimal choice frontier is known 

as a hyperplane [35]. Figure 2 represents how support vector machine works. 

 

Los function = 
1

2
‖𝑊‖2 + 𝐶 ∑ max (0,1 − 𝑦𝑖𝑖 (𝑊𝑇𝑋𝑖 + 𝑏)) (2) 

 

‖𝑊‖2 term regularize and the max (0,1-𝑦𝑖(𝑊𝑇𝑋𝑖 + 𝑏)) term loss function. 

 

 

 
 

Figure 2. Support vector machine 

 

 

3.1.3. Random forest (RF) algorithm approach 

RF is an ensemble learning system. It is an enhancement to a machine learning classifier that uses 

bagging to boost decision tree performance. Trees are reliant on a random vector that is individually tried, and 

it combines tree predictors. Each tree is dispersed in the same manner [36]. RF splits nodes based on the best 

prediction subset chosen at random from the node itself, as opposed to splitting nodes based on factors. When 

employing RF, the worst-case temporal complexity of knowledge is O (M (dnlogn)), where M is the number of 

maximum trees, n is the number of occurrences, and d is the number of features or columns. Regression and 

classification are two possible uses for it. 

Random Forest = Bootstrap Samples + Decision Tree + Column Sampling + Aggregation 
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4. RESULTS AND DISCUSSION 

Dataset description: The following dataset value are age, sex, cp, trestbps, chol, fbs, restecg, thalach, 

exang, oldpeak, slope, ca, thal, target. Table 1 shows the features and the values in the dataset. Train describe 

(): after training process by using the above datasets, the following values are shown below. It includes with 

count, mean, std, min and max values. Table 1 shows the original datasets with mentioned attributes and  

Table 2 shows that Training values with the datasets. In Figure 3 shows Chest pain type can be classified based 

on sex. Pie chart is displayed below for Female, male, overall details of chest pain type. Age v/s resting blood 

pressure and Maximum heart rate is also shown. The Figure 4 shows the age v/s resting blood pressure. The 

Figure 5 shows the age v/s Maximum heart rate achieved. In Figure 6 it is represented machine learning models 

comparison. Using RF model, we got 98.6% accuracy. In this case out of 300 test data points only 2 positive 

and 2 negative data points’ misclassified remaining 296 data points are correctly classified. We can find that 

output results in Figure 6. Compared 3 model RF giving best accuracy compared to logistic regression and 

linear support vector machine models. Misclassified data points are also less and precision, recall and F-1 score 

values are also better. We can see the comparison in Figure 6 and Table 3 shows the machine learning models 

comparison table. 

 

 

Table 1. Original dataset feature description 
S.No age sex cp trestbps Chol Fbs Restecg thalach Exang Oldpeak Slope Ca thal target 

0 64 1 2 146 234 1 0 150.5 0 2.45 0 0 1 1 

1 38 1 3 131 251 0 1 187.5 0 3.55 0 0 2 1 

2 42 0 1 130.5 205 1 1 173 1 1.42 2 0 2 1 

3 57 1 0 120.4 237 0 0 179 0 0.81 0 0 1 1 

4 58 0 1 120.5 355 1 1 163.2 0 0.60 2 0 2 1 

 

 

Table 2. Training values with the datasets 
Attributes Count Mean std min 25% 50% 75% Max 

age 300 54.5 9.09 28.5 48.1 55 62 78 

sex 300 0.68 0.45 0.00 0.00 1.00 1.00 1.00 

Cp 300 0.96 1.04 0.00 0.00 1.05 1.05 312 

Trest 

bps 

300 132 17.56 
94.5 

120.56 130.7 145.0 200.0 

Chol 300 246.25 51.89 126.7 212.01 241.2 274.52 565.000 

fbs 300 0.1543 0.3562 0.0000 0.0000 0.0000 0.0000 1.0002 

restecg 300 0.534 0.532 0.000 0.000 1.001 1.001 2.000 

thalach 300 149.67 23.01 71.53 132.99 153.15 166.05 201.99 

exang 300 0.323 0.464 0.000 0.000 0.000 1.001 1.001 

Old 

Peak 

300.00 1.034 
1.060 0.000 0.000 0.8000 1.605 61999 

Slope 300 1.401 0.607 0.000 1.001 1.001 2.0001 2.0001 

Ca 300 0.7287 1.0333 0.0000 0.0000 0.000 1.000 4.0101 

thal 300.00 231.241 0.6123 0.000 2.0001 2.0001 3.0012 3.0012 

target 300.00 0.545 0.499 0.000 0.000 1.001 1.005 1.005 

 

 

   
 

Figure 3. Pie chart for chest pain type 
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Figure 4. Age v/s resting blood pressure (in mmHg) on admission to the hospital 

 

 

 
 

Figure 5. Age v/s maximum heart rate (beats/minute) achieved 

 

 

 
 

Figure 6. Machine learning models comparison plot 
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Table 3. Machine learning models comparison table 
Models Accuracy Precision Recall F-1 score 

Logistic regression 0.85 0.82 0.84 0.845 

Linear support vector machine 0.84 0.83 0.83 0.840 

RF classifier 0.986 0.978 0.981 0.984 

 

 

5. CONCLUSION 

The transfer of promising information, such as machine learning, to the early prognosis of heart 

disorders would have a huge impact on mankind because heart ailments are a prominent cause of mortality in 

India and throughout the world. Early diagnosis of cardiac disease can help high-risk patients alter their 

lifestyles to lessen the effects, which can be a significant development in medicine. Every year, the number of 

persons suffering from heart disease increases. As a result, it may be recognized and treated early. 

 

 

REFERENCES  
[1] S. Das, R. Sharma, M. K. Gourisaria, S. S. Rautaray, and M. Pandey, “Heart disease detection using core machine learning and 

deep learning techniques: A comparative study,” International Journal on Emerging Technologies, vol. 11, no. 3, pp. 531–538, 

2020, doi: 11.10.1124/ijet. v11.3.531-538. 

[2] H. R. Fajrin, B. S. Adi, H. Purwoko, and I. P. Sari, “Telemedicine-equipped android interface-based heart rate monitoring,” 

Indonesian Journal of Electrical Engineering and Computer Science, vol. 21, no. 3, pp. 1332–1340, Mar. 2021, doi: 

10.11591/ijeecs.v21.i3.pp1332-1340. 

[3] I. Javid, A. K. Z. Alsaedi, and R. Ghazali, “Enhanced accuracy of heart disease prediction using machine learning and recurrent 

neural networks ensemble majority voting method,” International Journal of Advanced Computer Science and Applications, vol. 

11, no. 3, pp. 540–551, 2020, doi: 10.14569/ijacsa.2020.0110369. 

[4] M. Diwakar, A. Tripathi, K. Joshi, M. Memoria, P. Singh, and N. Kumar, “Latest trends on heart disease prediction using machine 

learning and image fusion,” Materials Today: Proceedings, vol. 37, no. Part 2, pp. 3213–3218, 2020, doi: 

10.1016/j.matpr.2020.09.078. 

[5] M. A. Mohammed et al., “Benchmarking methodology for selection of optimal COVID-19 diagnostic model based on entropy and 

TOPSIS methods,” IEEE Access, vol. 8, pp. 99115–99131, 2020, doi: 10.1109/ACCESS.2020.2995597. 

[6] X. Yuan, J. Chen, K. Zhang, Y. Wu, and T. Yang, “A stable ai-based binary and multiple class heart disease prediction model for 

IoMT,” IEEE Transactions on Industrial Informatics, vol. 18, no. 3, pp. 2032–2040, Mar. 2022, doi: 10.1109/TII.2021.3098306. 

[7] M. Soni, S. Gomathi, P. Kumar, P. P. Churi, M. A. Mohammed, and A. O. Salman, “Hybridizing convolutional neural network for 

classification of lung diseases,” International Journal of Swarm Intelligence Research, vol. 13, no. 2, pp. 1–15, Dec. 2022, doi: 

10.4018/IJSIR.287544. 

[8] G. Hu and M. M. Root, “Building prediction models for coronary heart disease by synthesizing multiple longitudinal research 

findings,” European Journal of Cardiovascular Prevention and Rehabilitation, vol. 12, no. 5, pp. 459–464, Oct. 2005, doi: 

10.1097/01.hjr.0000173109.14228.71. 

[9] T. Mythili, D. Mukherji, N. Padalia, and A. Naidu, “A heart disease prediction model using SVM-decision trees-logistic regression 

(SDL),” International Journal of Computer Applications, vol. 68, no. 16, pp. 11–15, Apr. 2013, doi: 10.5120/11662-7250. 

[10] H. Yan, Y. Jiang, J. Zheng, C. Peng, and Q. Li, “A multilayer perceptron-based medical decision support system for heart disease 

diagnosis,” Expert Systems with Applications, vol. 30, no. 2, pp. 272–281, Feb. 2006, doi: 10.1016/j.eswa.2005.07.022. 

[11] K. Vanisree and J. Singaraju, “Decision support system for congenital heart disease diagnosis based on signs and symptoms using 

neural networks,” International Journal of Computer Applications, vol. 19, no. 6, pp. 6–12, Apr. 2011, doi: 10.5120/2368-3115. 

[12] S. Mohan, C. Thirumalai, and G. Srivastava, “Effective heart disease prediction using hybrid machine learning techniques,” IEEE 

Access, vol. 7, pp. 81542–81554, 2019, doi: 10.1109/ACCESS.2019.2923707. 

[13] T. T. Hasan, M. H. Jasim, and I. A. Hashim, “FPGA design and hardware implementation of heart disease diagnosis system based 

on NVG-RAM classifier,” in 2018 3rd Scientific Conference of Electrical Engineering, SCEE 2018, Dec. 2018, pp. 33–38, doi: 

10.1109/SCEE.2018.8684125. 

[14] G. N. Ahmad, S. Ullah, A. Algethami, H. Fatima, and S. M. H. Akhter, “Comparative study of optimum medical diagnosis of human 

heart disease using machine learning technique with and without sequential feature selection,” IEEE Access, vol. 10, pp. 23808–

23828, 2022, doi: 10.1109/ACCESS.2022.3153047. 

[15] G. N. Ahmad, H. Fatima, S. Ullah, and A. S. Saidi, “Efficient medical diagnosis of human heart diseases using machine learning 

techniques with and without GridSearchCV,” IEEE Access, vol. 10, pp. 80151–80173, 2022, doi: 10.1109/ACCESS.2022.3165792. 

[16] A. R. Nasser et al., “Iot and cloud computing in health-care: A new wearable device and cloud-based deep learning algorithm for 

monitoring of diabetes,” Electronics (Switzerland), vol. 10, no. 21, p. 2719, Nov. 2021, doi: 10.3390/electronics10212719. 

[17] S. Palaniappan and R. Awang, “Intelligent heart disease prediction system using data mining techniques,” in AICCSA 08 - 6th 

IEEE/ACS International Conference on Computer Systems and Applications, Mar. 2008, pp. 108–115, doi: 

10.1109/AICCSA.2008.4493524. 

[18] R. Das, I. Turkoglu, and A. Sengur, “Effective diagnosis of heart disease through neural networks ensembles,” Expert Systems with 

Applications, vol. 36, no. 4, pp. 7675–7680, May 2009, doi: 10.1016/j.eswa.2008.09.013. 

[19] E. O. Olaniyi, O. K. Oyedotun, and K. Adnan, “Heart diseases diagnosis using neural networks arbitration,” International Journal 

of Intelligent Systems and Applications, vol. 7, no. 12, pp. 75–82, Nov. 2015, doi: 10.5815/ijisa.2015.12.08. 

[20] O. W. Samuel, G. M. Asogbon, A. K. Sangaiah, P. Fang, and G. Li, “An integrated decision support system based  on ANN and 

fuzzy AHP for heart failure risk prediction,” Expert Systems with Applications, vol. 68, pp. 163–172, Feb. 2017, doi: 

10.1016/j.eswa.2016.10.020. 

[21] A. U. Haq, J. P. Li, M. H. Memon, S. Nazir, R. Sun, and I. Garciá-Magarinõ, “A hybrid intelligent system framework for the 

prediction of heart disease using machine learning algorithms,” Mobile Information Systems, vol. 2018, pp. 1–21, Dec. 2018, doi: 

10.1155/2018/3860146. 

[22] I. D. Mienye, Y. Sun, and Z. Wang, “Improved sparse autoencoder based artificial neural network approach for prediction of heart 

disease,” Informatics in Medicine Unlocked, vol. 18, p. 100307, 2020, doi: 10.1016/j.imu.2020.100307. 



                ISSN: 2502-4752 

Indonesian J Elec Eng & Comp Sci, Vol. 32, No. 2, November 2023: 1070-1077 

1076 

[23] D. Cenitta, R. V. Arjunan, and K. V. Prema, “Ischemic heart disease prediction using optimized squirrel search feature selection 

algorithm,” IEEE Access, vol. 10, pp. 122995–123006, 2022, doi: 10.1109/ACCESS.2022.3223429. 

[24] S. A. Ali et al., “An optimally configured and improved deep belief network (OCI-DBN) approach for heart disease prediction 

based on ruzzo-tompa and stacked genetic algorithm,” IEEE Access, vol. 8, pp. 65947–65958, 2020, doi: 

10.1109/ACCESS.2020.2985646. 

[25] H. Yang, Z. Chen, H. Yang, and M. Tian, “Predicting coronary heart disease using an improved LightGBM model: performance 

analysis and comparison,” IEEE Access, vol. 11, pp. 23366–23380, 2023, doi: 10.1109/ACCESS.2023.3253885. 

[26] L. Shrinivasan, R. Verma, and M. D. Nandeesh, “Early prediction of diabetes diagnosis using hybrid classification techniques,” 

IAES International Journal of Artificial Intelligence, vol. 12, no. 3, pp. 1139–1148, 2023, doi: 10.11591/ijai.v12.i3.pp1139-1148. 

[27] T. A. Assegie, A. O. Salau, C. O. Omeje, and S. L. Braide, “Multivariate sample similarity measure for feature selection with a 

resemblance model,” International Journal of Electrical and Computer Engineering (IJEECS), vol. 13, no. 3, pp. 3359–3366, Jun. 

2023, doi: 10.11591/ijece.v13i3.pp3359-3366. 

[28] B. S. Shukur and M. M. Mijwil, “Involving machine learning techniques in heart disease diagnosis: a performance analysis,” 

International Journal of Electrical and Computer Engineering (IJEECS), vol. 13, no. 2, pp. 2177–2185, Apr. 2023, doi: 

10.11591/ijece.v13i2.pp2177-2185. 

[29] J. Al Nahian, A. K. M. Masum, S. Abujar, and M. J. Mia, “Common human diseases prediction using machine learning based on 

survey data,” Bulletin of Electrical Engineering and Informatics (BEEI), vol. 11, no. 6, pp. 3498–3508, Dec. 2022, doi: 

10.11591/eei.v11i6.3405. 

[30] I. H. Saad, M. M. Islam, I. K. Himel, and M. J. Mia, “An automated approach for eggplant disease recognition using transfer 

learning,” Bulletin of Electrical Engineering and Informatics (BEEI), vol. 11, no. 5, pp. 2789–2798, Oct. 2022, doi: 

10.11591/eei.v11i5.3575. 

[31] A. S. Mustafa and W. R. Baiee, “Nutrition information estimation from food photos using machine learning based on multiple 

datasets,” Bulletin of Electrical Engineering and Informatics (BEEI), vol. 11, no. 5, pp. 2922–2929, Oct. 2022, doi: 

10.11591/eei.v11i5.4007. 

[32] S. Molla et al., “A predictive analysis framework of heart disease using machine learning approaches,” Bulletin of Electrical 

Engineering and Informatics (BEEI), vol. 11, no. 5, pp. 2705–2716, Oct. 2022, doi: 10.11591/eei.v11i5.3942. 

[33] M. V. V. P. Kantipudi and S. Kumar, “A computationally efficient learning model to classify audio signal attributes,” International 

Journal of Electrical and Computer Engineering (IJEECS), vol. 12, no. 5, pp. 4926–4934, Oct. 2022, doi: 

10.11591/ijece.v12i5.pp4926-4934. 

[34] T. A. Assegie, P. K. Rangarajan, N. K. Kumar, and D. Vigneswari, “An empirical study on machine learning algorithms for heart  

disease prediction,” IAES International Journal of Artificial Intelligence, vol. 11, no. 3, pp. 1066–1073, Sep. 2022, doi: 

10.11591/ijai.v11.i3.pp1066-1073. 

[35] T. Suresh, T. A. Assegie, S. Rajkumar, and N. K. Kumar, “A hybrid approach to medical decision-making: diagnosis of heart disease 

with machine-learning model,” International Journal of Electrical and Computer Engineering (IJEECS), vol. 12, no. 2, pp. 1831–

1838, Apr. 2022, doi: 10.11591/ijece.v12i2.pp1831-1838. 

[36] K. S. Nugroho, A. Y. Sukmadewa, A. Vidianto, and W. F. Mahmudy, “Effective predictive modelling for coronary artery diseases 

using support vector machine,” IAES International Journal of Artificial Intelligence, vol. 11, no. 1, pp. 345–355, Mar. 2022, doi: 

10.11591/ijai.v11.i1.pp345-355. 

 

 

BIOGRAPHIES OF AUTHORS  

 

 

Dr. Nitalaksheswara Rao Kolukula     obtained his Ph.D. in Computer Science 

and Systems Engineering at Andhra University Visakhapatnam India. He received his 
Master’s degree M. Tech in Computer Science and Engineering in 2009. He is the topper 

of the school at SSC level and batch topper at M. Tech level. Now, he is an Assistant 

Professor in Department of Computer Science and Engineering at GITAM University 

Visakhapatnam Andhra Pradesh India. He has 13 plus years of teaching and 7 years of 
research experience. He published 7 patents intellectual property of Indiaand 2 were 

granted by IP India services Government of India. Dr. Rao authored six text books. He 

received best young research scholar award in Pride of India awards 2022 He is the life 

member of ISTE, IEI and member of IAENG. His current researchinterest includes 
machine learning software engineering, data engineering, and qualityassurance. He can be 

contacted at email: kolukulanitla@gmail.com. 

  

 
 

Dr. Prathap Nayudu Pothineni     obtained the Ph.D. degree in Computer Science 

and Engineering (CSE) discipline from Koneru Lakshmaiah Education Foundation (KLEF), 

Vaddeswaram, AP, India. Now, he is an Assistant Professor in Department of Computer 

Science and Engineering at RGM College of Engineering and Technology Nandyal Andhra 
Pradesh India. He has 13 plus years of teaching and 7 years of research experience. His 

research interest includes is network security and privacy in cloud. He can be contacted at 

email: prathapnaidu81@gmail.com. 

https://orcid.org/0000-0003-4116-2367
https://scholar.google.co.in/citations?user=4T34xhwAAAAJ&hl=en
https://www.scopus.com/authid/detail.uri?origin=resultslist&authorId=57202830114
https://www.webofscience.com/wos/author/record/ADB-3419-2022
https://orcid.org/0000-0001-5407-9920
https://scholar.google.co.in/citations?user=0ydMmI0AAAAJ&hl=en
https://www.scopus.com/authid/detail.uri?authorId=57787113100
https://www.webofscience.com/wos/author/record/GOE-6789-2022


Indonesian J Elec Eng & Comp Sci  ISSN: 2502-4752  

 

 Predictive analytics of heart disease presence with feature importance … (Nitalaksheswara Rao Kolukula) 

1077 

 

Mr. Venkata Murali Krishna Chinta     is working as Associate Professor in 

Dept. of CSE, NRI Institute of Technology, having 19+ Years of experience in Engineering 

Academics. As part of his academic curriculum, he taught both U. G and P. G subjects for 

students and guided many B. Tech, M. Tech, and MCA projects. Besides his academic and 
research activities He is a member of IAENG. He completed M.Tech (Computer Science 

and Engineering) in 2009 and pursing a Ph.D. in (Computer Science and Engineering) in 

GITAM (Deemed to be University), Vishakhapatnam. Mr. Krishna authored a text book 

“3D-printing and its applications” published by Lap Lambert academic publishers Germany. 
He has 18 Journal publications reputed in peer reviewed, Scopus, and UGC CARE 

international and national journals for his Credit. He also has 8 patents from the intellectual 

property of India. He received Best Researcher Award from IOSRD in the year 2018. He 

can be contacted at email: muralikrishna_chinta2007@yahoo.co.in. 

  

 

Mr. Venugopal Boppana     obtained his Master’s degree M. Tech in Computer 

Science and engineering in 2006. Now, he is an Associate Professor in Department of 

Computer Science and engineering at NRI Institute of Technology, Andhra Pradesh India. 
He has 17 plus years of teaching. He published 4 patentsintel lectual property of India Mr. 

VENUGOPAL published his research work in reputed international SCI, SCOPUS journals 

like Journal of Big Data, IJEECS, IJCA and also in international conferences. His current 

research interest includes machine learning, deep learning. He can be contacted at email: 
venugopal.b@nriit.edu.in. 

  

 

Dr. Rajendra Prasad Kalapala     received his Ph.D. in Computer Science and 

Systems Engineering from Andhra University, Visakhapatnam in 2009 and received his 

Master’s degree M. Tech with Specialization, Information Security and Banking Technology 

from Hyderabad Central University in 2005. Now, he is working as an Assistant Professor 

in Department of Computer Science and Engineering at GITAM University Visakhapatnam 

Andhra Pradesh India. He has 17 plus years of teaching experience. Mr. Prasad published 

his research workin reputed international journals and in international conferences. His 

currentresearch interests include machine learning and deep learning algorithms and computer 
vision applications. He can be contacted at email: kalapalarajendrap11@gmail.com. 

  

 

Dr. Soujanya Duvvi     received his Ph.D. in Computer Science and Systems 

Engineering from Andhra University, Visakhapatnam in 2021 and received his Master’s 

degree M. Tech from Andhra University, Visakhapatnam in 2015. Now, She is working as 

an Assistant Professor in department of Computer Science and engineering at GITAM 
University, Visakhapatnam, Andhra Pradesh, India. She has 3 plus years of teaching 

experience. Mrs. Sowjanya published her research workin reputed international journals and 

in international conferences. Her current research interests include machine learning, deep 

learning and block chain technologies. She can be contacted at email: sduvvi3@gitam.edu. 

 

https://orcid.org/0000-0002-4780-3551
https://scholar.google.com/citations?user=7S2iReEAAAAJ&hl=en
https://www.scopus.com/authid/detail.uri?authorId=57216784424
https://www.webofscience.com/wos/author/record/HHM-9266-2022
https://orcid.org/0000-0002-7742-5416
https://scholar.google.com/citations?user=mR3A7YoAAAAJ&hl=en
https://www.scopus.com/authid/detail.uri?authorId=57210350675
https://www.webofscience.com/wos/author/record/HHM-9126-2022
https://orcid.org/0000-0002-4258-8426
https://scholar.google.com/citations?hl=en&user=Yz09bGwAAAAJ
https://orcid.org/0000-0003-4649-3093
https://scholar.google.com/citations?user=eNfovw4AAAAJ&hl=en&oi=ao
https://www.scopus.com/authid/detail.uri?authorId=57217305033
https://www.webofscience.com/wos/author/record/IVH-0811-2023

