
Indonesian Journal of Electrical Engineering and Computer Science
Vol. 31, No. 1, July 2023, pp. 160∼169
ISSN: 2502-4752, DOI: 10.11591/ijeecs.v31.i1.pp160-169 ❒ 160

PID based on a single artificial neural network algorithm
for DC-DC boost converter

Dhaouadi Guiza1, Djamel Ounnas1, Soufi Youcef1, Abdelmalek Bouden2
1LABGET Laboratory, Department of Electrical Engineering, Larbi Tebessi University, Tebessa, Algeria

2MoDERNa Laboratory, Department of Electronic, University of Constantine 1, Constantine, Algeria

Article Info

Article history:

Received Aug 31, 2022
Revised Feb 22, 2023
Accepted Mar 12, 2023

Keywords:

Artificial neural network
DC-DC boost converter
PID controller
PID-SANN method
Self-adaptive

ABSTRACT

This research focuses on developing a proportional integral derivative controller
based on a single artificial neural network (PID-SANN). The proposed con-
trol strategy drives the direct current (DC-DC) boost converter output voltage
to follow the desired reference value. This controller calculates the PID gains
via a learning algorithm based on an artificial single-neuron network, which
overcomes the computational complexity of PID gains using analytical methods
and automatically adjusts the controller parameters. The developed PID-SANN
method offers the boost converter the appropriate duty ratio, which permits con-
trolling the output voltage value despite fluctuations in the resistive load or input
voltage. The obtained results confirm that the developed method can success-
fully surmount the constraints of conventional PID controllers and direct the
output voltage of the considered DC-DC converter to follow the required value
precisely.
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1. INTRODUCTION
The use of direct current (DC-DC) boost converters is expanding because of their high efficacy, adapt-

ability, small size, and low cost. It is found in battery chargers, electric vehicles, home appliances, and
aerospace. Additionally, it plays a crucial role in using renewable energy conversion technologies, including
fuel cells, wind turbines, and solar photovoltaic systems [1]-[3].

The nonlinearity model of the boost converter makes control difficult. Thus, it requires employing
reliable, quick control adaptable to systems with changing structures. A feedback control loop is utilized in the
adjustment process of the duty ratio to keep a constant output voltage under varying operating conditions [4],
[5]. The classical proportional integral derivative (PID) controller is generally used to control boost converters
as an efficient method due to its simple design and high dependability [6], [7]. Nevertheless, PID gains are
synthesized based on an exact mathematical model. Any changes in the system necessitate rebuilding the
model and adjusting the gains of the new controller. As a result, it is not an ideal control strategy when dealing
with nonlinear systems because it cannot guarantee good performance [8], [9].

To ameliorate the performance of conventional PID controllers, many researchers have invested sig-
nificant efforts in designing nonlinear controllers that have been applied to boost converters. For example, the
authors in [10], [11] have suggested utilizing a sliding mode control (SMC) for driving the DC-DC converter.
This method is reliable under plant uncertainties and outside disturbances. However, variable structure control
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using the sliding mode approach has some drawbacks, the most notable of which is the chattering phenomenon.
This phenomenon causes output voltage response to oscillating when the duty ratio fluctuates in the stable state
[12], [13].

Reseachers [14]-[16] describe the use of a fuzzy logic controller (FLC) to control a boost converter’s
output voltage. Nevertheless, the FLC controller is completely based on human knowledge and experience.
This means that its fuzzy rules and fuzzy membership function need to be designed in a very organized way.
An adaptive backstepping controller for a boost converter type has been presented in [17], [18]. Despite its
simplicity, it also faces limitations and obstacles in the implementation phase. A feedback linearization control
for the boost converter has been discussed in [19], [20]. The proposed technique assures robustness in terms
of tracking and speed. Nonetheless, in [19], the impacts of parasitic elements on electrical components are
ignored. Li and Chen [20], the suggested controller cannot be employed in a broad range of variations due to
an increased overshoot.

On the other hand, hybrid methods based on traditional PID have been proposed to optimize its pa-
rameters [21]-[23]. The particle swarm optimization algorithm has been investigated in [22] to construct a PID
controller that manages the output value of the DC-DC boost converter. However, this method has trouble
reducing high-frequency oscillations. A genetic algorithm (GA) based on a PID controller has been proposed
and implemented in [22], [23]. However, the primary problem of this technique resides in the fact that it highly
depends on the system dynamic.

Recently, other methods have been proposed based on artificial neural networks (ANN) and applied
in many control and modeling domains, such as robotics, power systems and big data. It notes that the artificial
neural network has several types and architectures like single artificial neural network (SANN) [24], multilayer
neural networks (MNNs) [25], recurrent neural networks (RNNs) [26], radial basis function neural networks
(RBFNNs) [27], stochastic configuration networks (SCNs) [28]. Because of their extensive capabilities for
approximation, adaptability, and parallel processing, these techniques are appealing for modeling and managing
nonlinear systems. The SANN has a simple structure, faster learning and improved approximation capabilities.
Due to these advantages, it has been applied to control many systems, such as intelligent sensors, DC motors
and fixed-wing UAVs [24], [29], [30].

In this context, the main goal of this study is to create a novel PID control scheme that utilizes a single
artificial neural network approach (PID-SANN). The designed control scheme is employed to push the boost
converter’s output voltage to track exactly the desired reference value under various operational conditions.
First, the adaptability of single neuron and online control parameters adjustment is utilized to adapt to the
changes under different operating conditions. Secondly, a constant K is provided to adjust the system response
characteristics related to its stability and fast performance. Finally, the proposed control method can be used
easily to solve the problems experienced by conventional PID controllers. The rest sections of this study
are structured as follows: The dynamic model of the considered DC-DC boost converter is presented in the
section 2. A single artificial neural network algorithm-based adaptive PID is introduced in the section 3. In the
fourth part, the obtained results are discussed and a comparison between the developed PID-SANN technique
and the traditional one is presented. Finally, a conclusion is provided to end this work.

2. DC-DC BOOST CONVERTER SYSTEM
A DC-DC boost converter is an electrical power circuit that converts one direct voltage into a higher

direct voltage. It consists of an ultra-fast diode, a MOSFET transistor, and two energy storage devices (inductor
and capacitor). A schematic of the considered boost converter topology is presented in Figure 1. The DC-DC
converter is inherently a non-linear system. It needs a transfer function before applying the analysis techniques
to linear systems [3], [31]. In this research, the small-signal method is used to describe the transfer function of
the considered system as (1):

G(s) =
V̂o(s)

û(s)
=

Vi

RC(1−D)2

R(1−D)2

L − s

s2 + s
RC + (1−D)2

LC

(1)

where the circumflex accent represents a small variation around the operating point. Vo denotes the output
voltage. L, C, and R signify inductance, capacitor, and resistive load. D represents the duty ratio. Vi represents
the input voltage.
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Figure 1. DC-DC boost converter schematic

3. PID-SANN ALGORITHM DESIGN
The fundamental goal is to provide a control unit that is simple, dependable and requires little com-

puting effort. The proposed algorithm can be implemented on a boost converter system with low set-up needs,
which users that have limited knowledge of control theory can employ. The SANN method is utilized primarily
to determine the values of the three ideal gains Kp, Ki and Kd of the PID controller. Figure 2 represents the
parallel structure of the PID controller [32].

As from the diagram bloc, Vd is the desired voltage and Vo is the measured voltage. The continuous
time of a PID controller can be expressed using the (2):

u(t) = Kpe(k) +Ki

∫ t

0

e(t)dt+Kd
e(t)

dt
(2)

the relation represents the discrete time of PID controller expression as (3):

u(k) = Kpe(k) +KiT

k∑
j=1

e(j)
Kd

T
(e(k)− e(k − 1)) (3)

the corresponding incremental PID controller can be expressed as (4):

u(k) = u(k − 1) +Kp (e(k)− e(k − 1)) +Kie(k) +Kd (e(k)− 2e(k − 1) + e(k − 2)) (4)

where Kp, Ki and Kd are the proportion, integration and differential coefficients, respectively. e(k) is the error
between the measured and desired values.

-
+ +

+

+
Vd u(t)

PID Controller

DC-DC

Boost Converter

 

  PWM
Vo

Figure 2. PID controller structure

It is clear that the classical PID with fixed parameters suffers from a Kp Ki and Kd gains tuning
problem to achieve the optimal control. Furthermore, system features can change over time, necessitating re-
adjusting these parameters. Therefore, this method cannot provide high-performance control when operating
conditions vary. To overcome these drawbacks, a combination of a single neuron network and a conventional
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PID controller is presented. The diagram bloc of the developed PID-SANN controller for the boost converter
system is depicted in Figure 3.
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Figure 3. Diagram bloc of PID-SANN controller

According to the Figure 3, the input of the PID-SANN controller is the error that can be written
as follows: e(k) = Vd(k) − Vo(k) and the output is the incremental duty ration △u(k). The (4) can be
reformulated as (5):

u(k) = u(k − 1) +Kpx1(k) +Kix2(k) +Kdx3(k) (5)

at kth sampling time the control signal u(k) is obtained through:

u(k) = u(k − 1) +△u(k) (6)

△u(k) = Kpx1(k) +Kix2(k) +Kdx3(k) (7)

where x1(k), x2(k) and x3(k) are:
x1(k) = △x2 = e(k)− e(k − 1)

x2(k) = e(k)

x3(k) = △x1 = e(k)− 2e(k − 1) + e(k − 2)

(8)

to get the summing function, these variables are multiplied by the weights wi(k).

△u(k) = K (w1(k)x1(k) + w2(k)x2(k) + w3(k)x3(k)) (9)

where K is the single neuron proportional coefficient, and K > 0.
The PID-SANN algorithm minimizes the error between the closed-loop system reference voltage and

its measured voltage. Using the mean square error (MSE ) relationship, we can define the cost function g(k)
at sampling times (k + 1) as (10):

g(k + 1) =
1

2
(Vd(k + 1)− Vo(k + 1))2 =

1

2
(e(k + 1))2 (10)

the gradient descent approach is used to minimize the cost function g(k), which is defined as (11):

wi(k) = wi(k − 1)− ηi∇wig(k) (11)

where ∇wig(k) represents the gradient vector of g(k) and ηi(k) illustrates the hidden layer learning rate. It
indicates that the direction of the weight update is along the negative gradient. Thus, using the chain rule, the
formula for updating the weight is as (12)-(14):

△wi(k) = −ηi∇wig(k) = −ηi(k)
∂g(k)

∂wi(k)
(12)
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△wi(k) = −ηi

(
∂g(k)

∂y(k)

)(
∂y(k)

∂u(k)

)(
∂u(k)

∂wi(k)

)
(13)

△wi(k) = ηiKe(k)
∂y(k)

∂u(k)
xi(k) (14)

in theory, the expression ∂y(k)
∂u(k) can be approximated by the following form Dy(k)

Du(k) . The term ∂y(k)
∂u(k) is uncertain,

therefore, may be replaced by signal function, the calculated error can be compensated by adjusting learning
rate ηi(k). The (14) can be expressed as (15):

△wi(k) = ηiKe(k)xi(k)sgn

(
∂y(k)

∂u(k)

)
(15)

before calculating the control variable, the weights must be normalized to guarantee the convergence and
robustness of PID-SANN. Hence, the (9) can be formulated as:

△wi(k) = ηiKe(k)xi(k)u(k) (16)

the new value wi is:

wi(k + 1) = wi(k) +△wi(k) (17)

△wi(k) = K

3∑
i=1

w̄i(k)xi(k) (18)

and,

w̄i(k) =
wi(k)∑3

i=1 | wi(k) |
(19)

with: 
w1(k + 1) = w1(k) + ηpe(k)u(k)x1(k)

w2(k + 1) = w2(k) + ηie(k)u(k)x2(k)

w3(k + 1) = w3(k) + ηde(k)u(k)x3(k)

(20)

where ηp is the proportional learning rate, ηi is the integral learning rate and ηd is the differential learning rate.
The obtained PID-SANN controller parameters can be stated as:

Kp = Kw̄1(k)

Ki = Kw̄2(k)

Kd = Kw̄3(k)

(21)

the (21) shows that the weight parameter can be adjusted by continuous learning. This indicates that the PID-
SANN can adapt to nonlinear control. As shown, the adjustable coefficients of PID-SANN controller are scale
coefficient K, learning rate ηi and initial weight coefficient value wi(0) where:
- The initial value of the weight parameter is chosen randomly.
- The scale coefficient K is taken as a fixed value initially and then can be adjusted based on the simulations

and experiment results.
- The learning rate ηi is chosen precisely in order to achieve better performance in terms of response and

overshoot.
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4. RESULTS AND DISCUSSION
In order to verify the validity and effectiveness of the developed PID-SANN controller, several simu-

lation tests were run under various operating situations. This is employed to control the output voltage of the
DC-DC boost converter to follow the desired voltage value. The Simulink model utilized is shown in Figure 4.
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Figure 4. Model Simulink for boost converter

The first simulation test is carried out with a constant desired voltage value (Vd = 10 V) and input
voltage (Vin = 5 V). The output voltage’s response is shown in Figure 5. This result shows that the output
voltage rapidly follows the desired voltage without overshoot. It also demonstrates that the time needed to
respond to the reference model is very short (8× 10−3s).

Time (s)
0 0.05 0.1 0.15 0.2 0.25 0.3

O
ut

pu
t v

ol
ta

ge
 (

V
)

0

2

4

6

8

10

12

PID-SANN
Setpoint0.1134 0.1134

10.0000

10.0000

Figure 5. Output voltage response for Vd = 10 V

The second simulation test is performed for a multi-step reference and constant input voltage (Vin =
5 V). Figure 6 represents the simulation results for a multi-step voltage reference, which includes four subfig-
ures. The output voltage response is displayed in Figure 6(a) while the response of PID gains is respectively
given in Figure 6(b), Figure 6(c), and Figure 6(d).

Through these results, it is clear that the developed controller can drive the boost converter to track
exactly the desired voltage. In addition, It is possible to mention that the PID-SANN controller has excellent
tracking performance. In addition, we note that the PID parameters change automatically in accordance with
the changes in the desired voltage.

The following simulation is performed to examine the effectiveness of the suggested technique under
sudden variations in operating conditions. The input voltage is supposed to be changed from 5 to 10 V at
t = 0.05 s, whereas the resistive load is assumed to be changed from 10 to 25 Ω at t = 0.1 s. Figure 7 shows
the simulation results under input voltage variation, which includes the output voltage response and the PID
gains in Figure 7(a) and Figure 7(b), respectively. Figure 8 displays the simulation results under load variation,
which also contains the output voltage response and the PID gains in Figure 8(a) and Figure 8(b), respectively.
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Figure 6. Simulation results for multi-step voltage recurrence (a) output voltage response, (b) Kp gain
variation, (c) Ki gain variation, and (d) Kd gain variation
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Figure 7. Simulation results under input voltage variation (a) output voltage response and (b) PID gains
variation
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Figure 8. Simulation results under load variation (a) output voltage response and (b) PID gains variation
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These results obtained under changes in input voltage or load indicate that the response of the output
voltage perfectly matches its reference with a quick reaction and good performance without any overshoot
in voltage. Note that this test is done in a very short time (t = 0.1 s), which confirms the effectiveness
and strength of the proposed PID-SANN controller. It is also shown that the PID parameters automatically
adapt to sudden input voltage variations or load changes. It can be said that the developed method operates
professionally and successfully under any sudden changes. The last simulation test is conducted to compare
the developed technique PID-SANN with the traditional one. Figure 9 shows the comparison between PID
and PID-SANN controllers, which includes two subfigures. The output voltage responses of both controllers,
PID and PID-SANN, with a fixed and variable reference voltage, are displayed in Figure 9(a) and Figure 9(b),
respectively.
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Figure 9. Comparison between PID and PID-SANN controllers response for (a) Vd = 12 V
and (b) multi-step reference

The performances of the considered and compared controllers are summarised in Table 1. These re-
sults show that the conventional PID suffers from oscillations around the reference voltage and a slow response
under sudden changes in the operating conditions compared to the proposed controller, which provides better
quality, regarding rise time, overshoot, and settling time. It is obvious from this that the proposed PID-SANN
technique gives superior performance in terms of speed response, overshoot, and following precision.

Table 1. Performances comparison between PID and PID-SANN controllers
Controller PID PID-SANN

Rise time (s) 12x10−3 7x10−3

Settling time (s) 15x10−3 9x10−3

Overshoot % 0.2 0.01

5. CONCLUSION
This paper proposes an intelligent PID method by using the ANN technique devoted to the DC-DC

boost converter. Many tests conducted under various operating conditions revealed that the self-adaptive PID
based on a single neuron network controller has much superior control performance than the conventional
PID controller. In addition, the developed technique drives the converter output voltage to follow the required
depending on variation in input voltage or resistive load. The proposed PID-SANN controller is characterized
by its simplicity, ease of application, high reliability and robust performance. It can produce a fast response
with a very low overshoot at start-up and a better steady-state response. The acquired findings attest to the
effectiveness and reliability of the suggested technique.

REFERENCES
[1] S. Ahmad and A. Ali, “Active disturbance rejection control of DC–DC boost converter: A review with modifications for improved

performance,” IET Power Electronics, vol. 12, no. 18, pp. 2095-2107, 2019, doi: 10.1049/iet-pel.2018.5767.
[2] A. Gani, A. Bakar, A. Ponniran, M. Hussainar, and M. Amran, “Design and development of PWM switching for 5-level multiphase

interleaved DC/DC boost converter,” Indonesian Journal of Electirical Engineering and Computer Science (IJEECS), vol. 17, no. 1,
pp. 131–140, 2020, doi: 10.11591/ijeecs.v17.i1.pp131-140.

PID based on a single artificial neural network algorithm for DC-DC boost converter (Dhaouadi Guiza)



168 ❒ ISSN: 2502-4752

[3] O. Djamel, G. Dhaouadi, S. Youcef, and M. Mahmoud, “Hardware implementation of digital PID controller for DC–DC boost con-
verter,” In 2019 4th International Conference on Power Electronics and their Applications (ICPEA), 2019, pp. 1–4, doi: 10.1109/IC-
PEA1.2019.8911129.

[4] W. Hameed, B. Sawadi, and A. Muayed, “Voltage tracking control of DC-DC boost converter using fuzzy neural net-
work,” International Journal of Power Electronics and Drive Systems (IJPEDS), vol. 9, no. 4, pp. 1657-1665, 2018, doi:
10.11591/ijpeds.v9.i4.pp1657-1665.

[5] S. Babaa, G. E. Murr, F. Mohamed, and S. Pamuri, “Overview of boost converters for photovoltaic systems,” Journal of Power and
Energy Engineering, vol. 81, no. 1, pp. 99-106 , 2011, doi: 10.4236/jpee.2018.64002.

[6] L. Jia and X. Zhao, “An improved particle swarm optimization (PSO) optimized integral separation PID and its application on
central position control system,” IEEE Sensors Journal, vol. 19, no. 16, pp. 7064-7071, 2019, doi: 10.1109/JSEN.2019.2912849.

[7] M. H. Ahmad, K. Osman, and S. I. Samsudin, “Design of proportional integral and derivative controller using particle swarm
optimization technique for gimbal system,” Indonesian Journal of Electrical Engineering and Computer Science (IJEECS), vol. 26,
no. 2, pp. 714-722, 2022, doi: 10.11591/ijeecs.v26.i2.pp714-722.

[8] H. K. Khleaf, A. K. Nahar, and A. S. Jabbar, “Intelligent control of DC-DC converter based on PID-neural network,” International
Journal of Power Electronics and Drive Systems (IJPEDS), vol. 10, no. 4, pp. 2254-2262, 2019, doi: 10.11591/ijpeds.v10.i4.pp2254-
2262.

[9] G. A. Sultan, A. F. Sheet, S. M. Ibrahim, and Z. K. Farej, “Speed control of DC motor using fractional order PID controller based
on particle swarm optimization,” Indonesian Journal of Electrical Engineering and Computer Science (IJEECS), vol. 22, no. 3, pp.
1345-1353, 2021, doi: 10.11591/ijeecs.v22.i3.pp1345-1353.

[10] M. Cucuzzella, R. Lazzari, S. Trip, S. Rosti, C. Sandroni, and A. Ferrara, “Sliding mode voltage control of boost converters in DC
microgrids,” Control Engineering Practice, vol. 73, pp. 161-170, 2018, doi: 10.1016/j.conengprac.2018.01.009.

[11] V. Repecho, D. Biel, J. M. Olm, and E. Fossas, “Robust sliding mode control of a DC/DC boost converter with switching frequency
regulation,” Journal of the Franklin Institute, vol. 355, no. 13, pp. 5367-5383, 2018, doi: 10.1016/j.jfranklin.2018.05.028.

[12] Z. Wang, S. Li, and Q.Li, “Continuous nonsingular terminal sliding mode control of DC–DC boost converters subject to time-
varying disturbances,” IEEE Transactions on Circuits and Systems II: Express Briefs, vol. 67, no. 11, pp. 2552-2556, 2019, doi:
10.1109/TCSII.2019.2955711.

[13] D. Guiza, Y. Soufi, D. Ounnas, and A. Metatla, “Design and implementation of takagi-sugeno fuzzy tracking control for a DC-DC
buck converter,” Design and implementation of takagi-sugeno fuzzy tracking control for a DC-DC buck converter, vol. 17, no. 3,
pp. 234-243, 2019, doi:10.15598/aeee.v17i3.3126.

[14] K. Bendaoud, S. Krit, M. Kabrane, H. Ouadani, M. Elaskri, K. Karimi, and L. Elmaimouni, “Implementation of fuzzy logic con-
troller (FLC) for DC-DC boost converter using MATLAB/Simulink,” International Journal of Sensors and Sensor Networks, vol. 5,
no. 1, pp. 1-5, 2017, doi: 10.11648/j.ijssn.s.2017050501.11.

[15] K. R. Kumar, “FLC and PWM SMC for KY boost converter,” Journal of Circuits, Systems and Computers, vol. 28, no. 11, p.
1950184, 2019, doi: 10.1142/S0218126619501846.

[16] A. Rajavel and N. R. Prabha, “Fuzzy logic controller-based boost and buck-boost converter for maximum power point track-
ing in solar system,” Transactions of the Institute of Measurement and Control, vol. 43, no. 4, pp. 945-957, 2021, doi:
10.1177/0142331220938211.

[17] T. K. Nizami and A. Chakravarty, “Neural network integrated adaptive backstepping control of DC-DC boost converter,” IFAC-
PapersOnLine, vol. 53, no. 1, pp. 549-554, 2020, doi: 10.1016/j.ifacol.2020.06.092.

[18] Y. Yin, J. Liu, S. Wang, H. Lin, S. Vazquez, Q. Zeng, and L. Wu, “Backstepping control of a DC-DC boost converters under
unknown disturbances,” In IECON 2018 44th Annual Conference of the IEEE Industrial Electronics Society, 2018, pp. 1055-1060,
doi: 10.1109/IECON.2018.8591649.

[19] J. Li, H. Pan, X. Long, and B. Liu, “Objective holographic feedbacks linearization control for boost converter with constant power
load,” International Journal of Electrical Power and Energy Systems , vol. 134, p. 107310, 2022, doi: 10.1016/j.ijepes.2021.107310.

[20] X. Li and X. Chen, “A Multi-Index feedback linearization control for a buck-boost converter,” Energies, vol. 14, no. 5, pp. 1-14 ,
2021, doi: 10.3390/en14051496.

[21] S. W. Seo, Y. Kim, and H. H. Choi, “PSO-Based nonlinear PI-type controller design for boost converter,” Journal of Electrical
Engineering and Technology, vol. 13, no. 1, pp. 211-219, 2018, doi: 10.5370/JEET.2018.13.1.211.

[22] L. F. Pereira, E. Batista, M. A. Brito, and R. B. Godoy, “A robustness analysis of a fuzzy fractional order PID controller based on
genetic algorithm for a DC-DC boost converter,” Electronics, vol. 11, no. 12, pp. 1-21, 2022, doi: 10.3390/electronics11121894.

[23] N. K. Yegireddy, S. Panda, T. Papinaidu, and K. Yadav, “ Multi-objective non dominated sorting genetic algorithm-II optimized PID
controller for automatic voltage regulator systems,” Journal of Intelligent and Fuzzy Systems, vol. 35, no. 5, pp. 4971-4975, 2018,
doi: 10.5370/10.3233/JIFS-169781.

[24] B. Yuan, M. M. Kamruzzaman, and S. Shan, “Application of motion sensor based on neural network in basketball technol-
ogy and physical fitness evaluation system,” Wireless Communications and Mobile Computing, vol. 2021, pp. 1-11, 2021, doi:
10.1155/2021/5562954.

[25] X. Li and X. Chen, “Multilayer neural network based asymptotic motion control of saturated uncertain robotic manipulators,”
Applied Intelligence, vol. 52, no. 3, pp. 2586-2598, 2022, doi: 10.1007/s10489-021-02318-1.

[26] X. Yin, Z. Jiang, and L. Pan, “Recurrent neural network based adaptive integral sliding mode power maximization control for wind
power systems,” Renewable Energy, vol. 145, pp. 1149-1157, 2020, doi: 10.1016/j.renene.2018.12.098.

[27] G. Yang and H. Wang, S. S. Rani, and K. C. Ramya, “An improved radial basis function neural network control strategy-based
maximum power point tracking controller for wind power generation system,” Transactions of the Institute of Measurement and
Control, vol. 41, no. 11, pp. 3158-3170, 2019, doi: 10.1177/0142331218823858.

[28] Y. Han, X. Song, K. Li, and X. Yan, “Hybrid modeling for submergence depth of the pumping well using stochastic con-
figuration networks with random sampling,” Journal of Petroleum Science and Engineering, vol. 208, pp. 1-18, 2022, doi:
10.1016/j.petrol.2021.109423.

[29] S. Gobinath and M. Madheswaran, “Deep perceptron neural network with fuzzy PID controller for speed control and stability
analysis of BLDC motor,” Soft Computing, vol. 24, no. 13, pp. 10161-10180, 2020, doi: 10.1007/s00500-019-04532-z.

Indonesian J Elec Eng & Comp Sci, Vol. 31, No. 1, July 2023: 160–169



Indonesian J Elec Eng & Comp Sci ISSN: 2502-4752 ❒ 169

[30] E. N. Mobarez, A. Sarhan, and M. Ashry, “Fractional order PID based on a single artificial neural network algorithm
for fixed wing UAVs,” In 2019 15th International Computer Engineering Conference (ICENCO), 2019, pp. 1–7, doi:
10.1109/ICENCO48310.2019.9027378.

[31] M. S. K. Reddy, C. Kalyani, M. Uthra, and D. Elangovan, “A small signal analysis of DC-DC boost converter,” Indian Journal of
Science and Technology, vol. 8, no. S2, pp. 1-6, 2015, doi: 10.17485/ijst/2015/v8iS2/57787.

[32] M. H. Ahmad, K. Osman, and S. I. Samsudin, “Design of proportional integral and derivative controller using particle swarm
optimization technique for gimbal system,” Indonesian Journal of Electirical Engineering and Computer Science (IJEECS), vol. 26,
no. 2, pp. 714-722, 2022, doi: 10.11591/ijeecs.v26.i2.pp714-722.

BIOGRAPHIES OF AUTHORS

Dhaouadi Guiza was born in Tebessa, Algeria. He received a B.Sc. degree in Elecrtonics
from Skikda University, Algeria in 2001, Magister degree in electronic components and system from
Constantine University, Algeria in 2009. He graduated with Ph.D. in Electronic from Skikda Univer-
sity, Algeria in 2020. Currently he is a Professor in the department of Electrical Engineering, Larbi
Tebessi University, Tebessa, Algeria. His research interests include control of electrical systems, en-
ergy conversion and power control, practical electronics and devices. He can be contacted at email:
dhaouadi.guiza@univ-tebessa.dz.

Djamel Ounnas was born in Tebessa, Algeria. He received a B.Sc. degree in electronic
from Tebessa University, Algeria in 2007, Magister degree in automatic from Biskra University in
2011. He graduated with Ph.D. degree in Automatic from Setif University, Algeria in 2016. Currently
he is a Professor in the department of Electrical Engineering, Tebessa University, Algeria. His re-
search interests include fault detection and diagnosis in industrial systems, fuzzy control of electrical
drives, energy conversion and power control. He can be contacted at email: djamel.ounnas@univ-
tebessa.dz.

Soufi Youcef was born in Tebessa, Algeria. He received a B.Sc. degree and Doctorate
degrees from the University of Annaba, Algeria, in 1991 and 2012 respectively and a Magister degree
in 1997 in Electrical Engineering from Tebessa University, Algeria. Currently, he is a Professor in
the Department of Electrical Engineering, Tebessa University, Algeria. His research interests include:
electrical machines control, diagnostics, wind and solar energy, power electronics and drives applied
to renewable energy. He can be contacted at email: youcef.soufi@univ-tebessa.dz.

Abdelmalek Bouden was born in Jijel, Algeria. He received a B.Sc. degree in Elec-
tronics from Jijel University, Algeria in 2006, Magister degree in electronic components and systems
from Constantine University, Algeria in 2008. He graduated with Ph.D. degree in Elecrtonic from
Constantine University, Algeria in 2018. Currently he is an associate Professor at Jijel University,
Algeria. His research interests include electrical drives and power control. He can be contacted at
email: bouden82@gmail.com.

PID based on a single artificial neural network algorithm for DC-DC boost converter (Dhaouadi Guiza)

https://orcid.org/0000-0002-3075-0561
https://scholar.google.com/citations?user=swkCfSMAAAAJ&hl=fr
https://www.scopus.com/authid/detail.uri?authorId=57211331081
https://www.webofscience.com/wos/author/record/32458183
https://orcid.org/0000-0003-3018-0009
https://scholar.google.com/citations?user=khkzS9MAAAAJ&hl=fr&oi=ao
https://www.scopus.com/authid/detail.uri?authorId=55788719400
https://orcid.org/0000-0002-0251-6567
https://scholar.google.com/citations?user=gmGmJBUAAAAJ&hl=fr&oi=ao
https://www.scopus.com/authid/detail.uri?authorId=35776914700
https://orcid.org/0000-0003-3340-7299
https://www.scopus.com/authid/detail.uri?authorId=57211300289

	INTRODUCTION
	DC-DC BOOST CONVERTER SYSTEM
	 PID-SANN Algorithm Design
	Results and Discussion
	Conclusion

